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T RIS 2023 £ 10 * 30 p £ % «r Executive Order 14110 ( Executive Order on Safe,
Secure, and Trustworthy Development and Use of Artificial Intelligence ) #- 2 & 3% Al | % % 3

TALHCA] 2 - fE o SE R~ TR SR AR L E AT B RG
H 222 HwWwdizp E o | (The term “generative AI” means the class of Al models that emulate
the structure and characteristics of input data in order to generate derived synthetic content. This can
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https://www.federalregister.gov/documents/2023/11/01/2023-24283/safe-secure-and-trustworthy-
development-and-use-of-artificial-intelligence.
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8 4 8 Meta, July 18, 2023, Meta and Microsoft Introduce the Next Generation of Llama,
https://about.fb.com/news/2023/07/llama-2/.
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F WY LAiE~H A A~ Al ¢ < (Stanford University
Human-Centered Artificial Intelligence, HAI ) ** 2023 & 3% !
T4 28 Al g 2454 & Al ¢ w@eL  (Generative Al

Perspectives from Stanford HAI ) ° -

R A E (WEF) 2 2023 #40 T3 24 %
Al =% 2 | (The Presidio Recommendations on Responsible

Generative Al ) 19

FRR IS FHE T e (NIST) »+ 2023 & 1 7 2
# A 1rER &g 222 (Al Risk Management Framework,
AIRMF) 5 2202024 3 I M A 1 P& R % ¢ 24=2 1 4
= ;¢ Al B %, (Atrtificial Intelligence Risk Management
Framework: Generative Artificial Intelligence Profile, Al RMF

Generative Al Profile) 12 -

9 Stanford University Human-Centered Artificial Intelligence (2023), Generative Al: Perspectives
from Stanford HAI. Available at: https://hai.stanford.edu/sites/default/files/2023-
03/Generative_Al_HAI_Perspectives.pdf.

10 World Economic Forum (2023), The Presidio Recommendations on Responsible Generative Al.
Available at: https://www.weforum.org/publications/the-presidio-recommendations-on-responsible-
generative-ail/.

11 NIST. (2023). Artificial Intelligence Risk Management Framework (Al RMF 1.0). Available at:
https://www.nist.gov/itl/ai-risk-management-framework.

12 NIST. (2024). Artificial Intelligence Risk Management Framework: Generative Artificial
Intelligence Profile. Available at: https://airc.nist.gov/docs/NIST.AI.600-1.GenAl-Profile.ipd.pdf.
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BB N ez 2 0N & P F i Al K Suanh ' 4 & (Risk-
Based Approach) - # 7 b & E & Al L 5LX % F 2R O
*pra TR it ALACt AR P > T3 el
* 4 1 57 E (General-purpose Al, GPAIL ) & {73 » 3t 2022

#£ 11 7 ChatGPT J13te 4 = 52 TP S B 4E o » $fid *

13 Cabinet Office and Central Digital and Data Office (2024) Generative Al framework for HMG,
GOV.UK. Available at: https://www.gov.uk/government/publications/generative-ai-framework-for-
hmg.

Y HMG (Her/His Majesty's Government) » i FFC/irF = Ff #7 o

B >2

https://assets.publishing.service.gov.uk/media/65c3b5d628a4a00012d2ba5¢/6.8558 CO_Generative A
I_Framework Report v7_WEB.pdf.

16 » # : Proposal for a regulation of the European Parliament and of the Council laying down
harmonised rules on artificial intelligence > # #i artificial intelligence act. % 2
https://www.europarl.europa.eu/RegData/etudes/BRIE/2021/698792/EPRS BRI(2021)698792 EN.pdf
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22 FRARARR A BN AN L RTRE -

Ve 2 R AR T BT 7 2 (National Institute of Standards and Technology » NIST) %
2023 17 26 p## T A1 ER % F 2= 1.0, (Atrtificial Intelligence Risk Management
Framework 1.0 - AIRMF1.0) » # ¥ spér A T4 %@ 4 22 3¢ AlActor 2 T 7445 it | 30
Al 4 &3 ¢ & AlActor 2. iZ55:2 (728 KB 86| - Al 2 &3 2 AIRMF1.0 2 B4
Z VA ASAATEE DR N % Application Context (3 {72 ¥ 4+ Operate and Monitor ~ 3+ 3 £
% 3* Plan and Design) ~ F#L2 ﬁg‘] » Data and Input ( % £ £ &2 7 42 Collect and process
data) -~ Al #-7] Al Model (& ¢ # * Build and use model ~ %% ¥ 7 rx 32 Verify and
validate ) ~ =43 % #5 41 Task and Output (%% £2 i * Deploy and Use )
18 i b uk NIST %tk - " Al Deployment (Al %% ) | 43t Al 4 pixded 2 T ;:;z.ats@?] PR
(Task and Output) | &7 > @ & {7 Al #8% 2. Al Actors f # B >t 4o e fg B Al ik Su% i g ot
AAMF2ZF R AL M ERe 7 R AERRE R AE RT i  (legacy system) 2 4
FRAFEAEL SR FRERER U FERGR Y iw%; o ALActor & 3 %Al & B -
RS BEE TR R - **w@&#«ﬁ\zwﬂ FEEEE 7%ﬁ%%:&
IR (- BB L ACER RGN 2 Jgkpxbpg » Al Deployment (AI HE RS Al
BEIMT 22 AWEREY > A RBATEFLFTHRANF RE £4K - £ L Patnaik, P.
(2022). A Policy Framework Towards the Use of Artificial Intelligence by Public Institutions:
Reference to FATE Analysis. In Handbook of Research on Artificial Intelligence in Government
Practices and Processes (pp. 13-37). IGI Global; Paleyes, A., Urma, R. G., & Lawrence, N. D. (2022).
Challenges in deploying machine learning: a survey of case studies. ACM computing surveys, 55(6), 3.
19 %% NIST. (2024). Artificial Intelligence Risk Management Framework: Generative Artificial
Intelligence Profile. Available at: https://airc.nist.gov/docs/NIST.Al.600-1.GenAl-Profile.ipd.pdf.
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(- ) # ¥ £k % (anunacceptable risk)

(=) % k' (highrisk)
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TH >R
AT Al Gt 0 & 3

Lt (- ) AviE 5 3 % (cognitive
behavioural manipulation) ; (= ) BRS-&Z &7 ¢ T
# (emotion recognition) ; (= ) A+ ¢ % * = A& (social
scoring) 5 (2 ) et FPRLT AL Y & % W 57

2 > ¢ : Proposal for a regulation of the European Parliament and of the Council laying down
harmonised rules on artificial intelligence > & # artificial intelligence act

.8
https://www.europarl.europa.eu/RegData/etudes/BRIE/2021/698792/EPRS BRI(2021)698792 EN.pdf
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% 2 8 Haimo Schack, Auslesen von Webseiten zu KI-Trainingszwecken als Urheberrechtsverletzung
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https://topic.tipo.gov.tw/copyright-tw/cp-407-921924-3c00f-301.html.
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27 European Parliament (2023) EU Al act: First regulation on artificial intelligence. Available at:
https://www.europarl.europa.eu/news/en/headlines/society/20230601ST093804/eu-ai-act-first-
regulation-on-artificial-intelligence (Accessed: 13 June 2024)..

28 Singapore Copyright Act 2021. Available at https://wipolex-
res.wipo.int/edocs/lexdocs/laws/en/sg/sgl75en.pdf  (Accessed: 2024/01/18).

2 Intellectual Property Office of Singapore, Copyright factsheet on Copyright Act 2021. Available at
https://www.ipos.gov.sg/docs/default-source/resources-library/copyright/copyright-act-factsheet.pdf
(Accessed: 2024/01/18).

46


https://wipolex-res.wipo.int/edocs/lexdocs/laws/en/sg/sg175en.pdf
https://wipolex-res.wipo.int/edocs/lexdocs/laws/en/sg/sg175en.pdf
https://www.ipos.gov.sg/docs/default-source/resources-library/copyright/copyright-act-factsheet.pdf

(i) = *alicdps 475 &
(i) B & * Tl A2 FIr g b5
)X FRxFHELILE@Pp* TR H B p o

X Amiziw i EZE Wy (AHLEEFDH

—_
7~

2 H w350 ,Kﬁ;éj'}"‘r B ek —
() %% X fre 72 3 %A 8% 5 &

(i) 2 X “rie 72 T % Bdp A 47 B cdp B o

g2Y

bo

& Ty

(d) X ®@rrg2a@alfdirze @28 (b

MiEd o TR E R )
() #E&ETIE 2 -
(i) macf Wy w2tz £ WUy
(i) RicE W& HixiE L Wi o e —
(A) X &2

B) Fhirf@ly AP SRERL



FEXAF)— X 2 avlis & &2

-

(i)t WP hxEd Wi o e —

A) HERBEASF L7 - 25 R P

VS SR

(B)X # A 3 Hupnfl® e WPiei

T HCIE A T -
d. #R (FIEf - RPEBILE) B 20A FD

% 20A0E RN F LB e 3 EAE A2

(1) BB LR Fr 25 0TH 7

(8) WiFenE Wir vl 2of 2574 s

REZERMAFIFLA > PHEFFETP LI
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https://www.law.cornell.edu/uscode/text/17/505.

4317 U.S. Code § 503 - Remedies for infringement: Impounding and disposition of infringing articles.
Available at https://www.law.cornell.edu/uscode/text/17/503.

4 The Copyright, Designs, and Patents Act 1988. Available at
https://www.legislation.gov.uk/ukpga/1988/48/contents.
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Reproducibility in Artificial Intelligence, file:///C:/Users/chenny/Downloads/11503-Article%20Text-
15031-1-2-20201228%20(1).pdf.; Odd Erik Gundersen, Improving reproducibility of artificial
intelligence research to increase trust and productivity https://www.oecd-ilibrary.org/sites/3f57323a-
en/index.html?itemld=/content/component/3f57323a-en.
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arXiv preprint arxiv:2303.10854. Available at  https://arxiv.org/abs/2303.10854.
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8 % soukzEm (zero-knowledge proofs) » & - BRABE 2 sep 2 0 B NEP M TS A
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8 2+ NIST (2024). Al RMF Generative Al Profile, Initial Public Draft, p.38.

13 1‘“ W

75

-


https://research.chalmers.se/publication/523824

ko B ARG B B A S £ A

EEETFA 2RI E FLEIPFRLE A7

<3

BB E S BT 0 / Rik ) 1% (optout®)

69 g rlllegids s 13%, [ (2R REEFTHEX) 212 TiFEd g

% lﬁ‘ﬁ%ﬁ‘u% A liﬂl Pt TR 2 e e o AR B S BRSO RSB P ehth I o

Mi2HdlEwERE t4#&fF 4 f’*’%‘f\'"‘% AU 2 AR R TS RPN B F g S 220F
AFHEFEL LG o, FRd TRV ERT R FELRP ’ifaféfi% FlyEL i

¥ ng RRRERERY BARETH  DRESPMEAT BRI R P

I L— 3 A "*%‘E‘f"}ﬁ’\ﬁ Lo PR A2 A R ZXEE T 22ERTIEMR e wd

ARBE G FIRFRBLE c Ar A L 22 H RATIRER A TR REIY PR ZFEEE TR0

oA SRFREEFA O - EAFFEATGFRBLAY > BT BB JE2 A0 B ALS

ERT > 7§ F A @G REBEAY 2 ApMR T AW R A FTRERIEL REF 17
2*35”‘%%]?\ B&F%/Z‘%ZZIH—IS—F_?-AE\ WEFEZ L g o

0 %4 NIST (2024). Al RMF Generative Al Profile, Initial Public Draft, pp.37-38.

2% NIST (2024). Al RMF Generative Al Profile, Initial Public Draft, p.18.

%5
25

k25 +
o
ﬁcﬂ

2

o ek
‘“‘&&

—a

i

~

76



4 258 Al g iR Kﬁ‘/‘\;/‘—-—‘l%)}"'ﬁlipi For b X

~~

TSR TR S L

1Pl BTt Rl f At MEme ue s

t4 (availability ) : ¥4 ;% Al k 53y (745 8 )

g
b

B AR N RIEHE 2R A
2 B T 53 F % AIB BRI~ Al sT# x s (Al
red-teaming ) "4~ & 2| % (focusgroups) & % #piE ¥

RRRIGA G R R Y AR BHAY AR R

7N 7

VO 2 pReg| R FERT e E R MR

>

3

R
>~

G 1§L » % 2 Paulina Jo Pesch/Rainer Bohme,Verarbeitung personenbezogener Daten und
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Technische Entwicklungen im Zusammenhang mit KI-Modellen begegnen einer Vielzahl
datenschutzrechtlicher Herausforderungen, MMR 2023, 911; Franz Hofmann, Retten Schranken
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Besedo. Available at: https://besedo.com/blog/what-is-content-moderation/ (Accessed: 13 June 2024)..
k# *t F {748 2. content moderation » iT#f £ £ & 3% » 4 & Sebastian Felix Schwemer, Decision
Quality and Errors in Content Moderation, 11C 2024, 139 ff. Jodo Pedro Quintais, Christian
Katzenbach, Sebastian Felix Schwemer, Daria Dergacheva, Thomas Riis, Péter Mezei, Istvan Harkai,
Jodo Carlos Magalhaes, Copyright Content Moderation in the European Union: State of the Art, Ways
Forward and Policy Recommendations, 11C 2024, 157 ff.
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% % 8 Lee, K., Ippolito, D., Nystrom, A., Zhang, C., Eck, D., Callison-Burch, C., & Carlini, N.
(2021). Deduplicating training data makes language models better. arXiv preprint arXiv:2107.06499;
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medienrechtliche Einordnung von Textgeneratoren in Journalis mus und E-Commerce. Multi Media
und Recht Zeitschrift fur IT-Recht und Digitalisierung, 24(2), 121-126.
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Vered, M., Livni, T., Howe, P. D. L., Miller, T., & Sonenberg, L. (2023). The effects of explanations
arXiv:2401.05566.

et al, "Automation Bias and Errors: Are Teams Better than Individuals?". Proceedings of the Human
2 Hubinger, E., Denison, C., Mu, J., Lambert, M., Tong, M., MacDiarmid, M
2kl

Factors and Ergonomics Society Annual Meeting. 42 (3): 201-205 (1998).; M.L. Cummings
Automation Bias in Intelligent Time Critical Decision Support Systems (2004). T < gki& % » B]4e
on automation bias. Artificial Intelligence, 322, 103952
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108 % 8 Barocas, S., Guo, A., Kamar, E., Krones, J., Morris, M. R., Vaughan, J. W., ... & Wallach, H.
(2021, July). Designing disaggregated evaluations of ai systems: Choices, considerations, and
tradeoffs. In Proceedings of the 2021 AAAI/ACM Conference on Al, Ethics, and Society (pp. 368-
378).
109 2 ¥ NIST (2024). Al RMF Generative Al Profile, Initial Public Draft, p.39.
W o gipr 4620202327 3pilif "wpP AHWLER (European Sustainability
Reportlng Standards, ESRS) - T 5l A P Eendy o AP ST %F'v % B
ﬂ K EIFE PP 7 B %Y - L The Commission adopts the European Sustalnablllty Reporting
Standards, https://finance.ec.europa.eu/news/commission-adopts-european-sustainability-reporting-
standards-2023-07-31 en. #phé < /lglc » % % Jens Reinke/Stefan Muller, Verbraucher und Endnutzer in
der Nachhaltigkeitsberichterstattung nach ESRS S4, IRZ 2023, 545 ff.; IRZ 2024, 35 ff.
UL ge g ALACt 33 Al k SLenTplin I £ 359 #4-& 7 038 &% > 4 2 Philipp Muller-Peltzer/
Valentin Tanczik, Kinstliche Intelligenz und Daten. Data-Governance nach der geplanten Kl-
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89


https://finance.ec.europa.eu/news/commission-adopts-european-sustainability-reporting-standards-2023-07-31_en
https://finance.ec.europa.eu/news/commission-adopts-european-sustainability-reporting-standards-2023-07-31_en

EMEF R PR E > UFIHAEE AlfrE s F

WL

CEFEBS e H S AN AL KA G DI AT
# | (anthropomorphization) 13 » 4o 4 g8 5~ 4 %7
BE 2 ARGSBS s M EEA e Al fo} 3
B T2 R R i BEE k4 Al Actors 2 B 4 SR EE F A

g Pﬁﬁ,;{épq 114 5 ryex i F""E’ Al fe® 3 72 e oo

ARG ERAR A4 B Al L ad d e

FiE o R Al S8 % e0h G AR L AT -
R KR L AN Al ke R 3T

TAEAl TR hd 550 Al B GRS SR ARA 0 X

FEWE 2@l 7 B35 Al R FFm o
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121 2 ¥ NIST (2024). Al RMF Generative Al Profile, Initial Public Draft, p.38.

122 2.8 Hopkins, A. et al. (2024) Al supply chains aren’t Ai Value Chains. Available at:
https://aipolicy.substack.com/p/supply-chains-6 (Accessed: 13 June 2024)..
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124 2 % NIST (2024). Al RMF Generative Al Profile, Initial Public Draft, p.43.
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126 % 8 Molnar, C., Casalicchio, G., & Bischl, B. (2020, September). Interpretable machine learning—
a brief history, state-of-the-art and challenges. In Joint European conference on machine learning and
knowledge discovery in databases (pp. 417-431). Cham: Springer International Publishing. Available at
https://link.springer.com/chapter/10.1007/978-3-030-65965-3_28.

121 2 % NIST (2024). Al RMF Generative Al Profile, Initial Public Draft, p.45.
128 2 % NIST (2024). Al RMF Generative Al Profile, Initial Public Draft, p.50.
129 2+ NIST (2024). Al RMF Generative Al Profile, Initial Public Draft, p.51.

95


https://link.springer.com/chapter/10.1007/978-3-030-65965-3_28

impacts) 1302 H 4 X X 8 Fe xp 52 &4 (role of

7,

diverse and inclusive content generation ) 3lez= i k3%

132 |

TMANIERE A HEEE AL G2 Al BT R
#7 14 (trustworthiness) » Hipl & &% d LAE8 & Fo

5 4p B Al Actors ﬁi%j rERE S Il ERE B @Q;}ﬁ Y5 &

150 4p Bt 2 j¢ > % 2 Weidinger, L., Mellor, J., Rauh, M., Griffin, C., Uesato, J,, Huang, P. S., ... &
Gabriel, 1. (2021). Ethical and social risks of harm from language models. arXiv preprint
arXiv:2112.04359; Jaume-Palasi, L. (2019). Why we are failing to understand the societal impact of
artificial intelligence. Social Research: An International Quarterly, 86(2), 477-498; Robinson, S. C.
(2020). Trust, transparency, and openness: How inclusion of cultural values shapes Nordic national
public policy strategies for artificial intelligence (Al). Technology in Society, 63, 101421; Tomasev,
N., Cornebise, J., Hutter, F., Mohamed, S., Picciariello, A., Connelly, B., ... & Clopath, C. (2020). Al
for social good: unlocking the opportunity for positive impact. Nature Communications, 11(1), 2468;
Vesnic-Alujevic, L., Nascimento, S., & Polvora, A. (2020). Societal and ethical impacts of artificial
intelligence: Critical notes on European policy frameworks. Telecommunications Policy, 44(6),
101961; Sabherwal, R., & Grover, V. (2024). The Societal Impacts of Generative Artificial
Intelligence: A Balanced Perspective. Journal of the Association for Information Systems, 25(1), 13-
22; Whittlestone, J., Nyrup, R., Alexandrova, A., Dihal, K., & Cave, S. (2019). Ethical and societal
implications of algorithms, data, and artificial intelligence: a roadmap for research. London: Nuffield
Foundation; Chui, M., Harryson, M., Valley, S., Manyika, J., & Roberts, R. (2018). Notes from the Al
frontier applying Al for social good.

181 3n Bk < L;Je » %8 Jora, R. B., Sodhi, K. K., Mittal, P., & Saxena, P. (2022, March). Role of
artificial intelligence (Al) in meeting diversity, equality and inclusion (DEI) goals. In 2022 8th
international conference on advanced computing and communication systems (ICACCS) (Vol. 1, pp.
1687-1690). IEEE; Zowghi, D., & Bano, M. (2024). Al for all: Diversity and Inclusion in Al. Al and
Ethics, 1-4; Fosch-Villaronga, E., & Poulsen, A. (2022). Diversity and inclusion in artificial
intelligence. Law and Atrtificial Intelligence: Regulating Al and Applying Al in Legal Practice, 109-
134; Zowghi, D., & da Rimini, F. (2023). Diversity and inclusion in artificial intelligence. arXiv
preprint arXiv:2305.12728; Cachat-Rosset, G., & Klarsfeld, A. (2023). Diversity, equity, and inclusion
in artificial intelligence: An evaluation of guidelines. Applied Artificial Intelligence, 37(1), 2176618;
Shams, R. A., Zowghi, D., & Bano, M. (2023). Al and the quest for diversity and inclusion: a
systematic literature review. Al and Ethics, 1-28; Daugherty, P. R., Wilson, H. J., & Chowdhury, R
(2020). Using artificial intelligence to promote diversity; Mohammed, P. S., & ‘Nell’Watson, E.
(2019). Towards inclusive education in the age of artificial intelligence: Perspectives, challenges, and
opportunities. Artificial Intelligence and Inclusive Education: Speculative futures and emerging
practices, 17-37; Chi, N., Lurie, E., & Mulligan, D. K. (2021, July). Reconfiguring diversity and
inclusion for Al ethics. In Proceedings of the 2021 AAAI/ACM Conference on Al, Ethics, and Society
(pp. 447-457).

132 2 4 NIST (2024). Al RMF Generative Al Profile, Initial Public Draft, p.52.
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133 %4 NIST (2024). Al RMF Generative Al Profile, Initial Public Draft, pp.52-53.
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T. N. (2014, May). Exploring variability-aware execution for testing plugin-based web applications. In
Proceedings of the 36th International Conference on Software Engineering (pp. 907-918) ; Jaspan, C.
N. (2011). Proper plugin protocols (Doctoral dissertation, Carnegie Mellon University) ; Berg, M.,
Cederquist, F., Hamilton, D., Johansson, J., & Vindblom, A. (2004). A case study of how to add a
plugin framework.
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139 2 % NIST (2024). Al RMF Generative Al Profile, Initial Public Draft, p.22.
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RN BB AEIRAF Y o A S FE LR F’J‘ M A2 f B 2R Sun, W,
Zhang, K., Chen, S. K., Zhang, X., & Liang, H. (2007). Software as a service: An integration
perspective. In Service-Oriented Computing - ICSOC 2007: Fifth International Conference, Vienna,
Austria, September 17-20, 2007. Proceedings 5 (pp. 558-569). Springer Berlin Heidelberg ; Waters, B.
(2005). Software as a service: A look at the customer benefits. Journal of digital asset management, 1,
32-39 ; Goyal, S. (2013). Software as a service, platform as a service, infrastructure as a service— a
review. International journal of Computer Science & Network Solutions, 1(3), 53-67.

141 2+ NIST (2024). Al RMF Generative Al Profile, Initial Public Draft, p.23.
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142 Al Incident Database. Available at https://incidentdatabase.ai/.

143 OECD incident monitor. Available at https://www.oecd.org/digital/artificial-intelligence/.

1442 4 NIST (2024). Al RMF Generative Al Profile, Initial Public Draft, pp.14-15.

145 2 % NIST (2024). Al RMF Generative Al Profile, Initial Public Draft, p.23.

146 Information integrity gL 4 - 3t AR L4 TG Jﬁa‘% 41 % 8 Geisler, E., Prabhaker, P., &
Nayar, M. (2003, July). Information integrity: an emerging field and the state of knowledge. In
PICMET'03: Portland International Conference on Management of Engineering and Technology
Technology Management for Reshaping the World, 2003. (pp. 217-221). IEEE.

147 2 9 Miller, K. W., & Voas, J. (2008). Information integrity and IT professionals' integrity,
intertwined. IT Professional, 10(6), 35-40.
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149 2.8 Yadav, K. and Lai, S. (2024) What does information integrity mean for democracies?,

Lawfare. Available at: https://www.lawfaremedia.org/article/what-does-information-integrity-mean-
for-democracies (Accessed: 13 June 2024).
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152 % 4 NIST (2024). Al RMF Generative Al Profile, Initial Public Draft, p.42.

B3 Al R SR PRE - B 2 B FEE S T OURER AL L SR R e PR 4
PEMGE SRR o ApM PR T 0 %2 Bartz, D, & Hu, K. (2023, July 22). OpenAl,
Google, others pledge to watermark Al content for safety, White House says. Retrieved from Reuters:
https://www.reuters.com/technology/openai-google-others-pledge-watermark-ai-content-safety-white-

house-2023-07-21/; Fernandez, P., Couairon, G., Jégou, H., Douze, M., & Furon, T. (2023, October 6).
Stable Signature: A new method for watermarking images created by open source generative Al.
Retrieved from Meta: https://ai.meta.com/blog/stable-signature-watermarking-generative-ai/. # i -~k
Br %o N F (T RE - AP M 31 0 4 2 Wolfram Gass, Digitale Wasserzeichen als
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